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Letting machines learn numbers to make up numbers.
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class Discriminator(nn.Module):

def __init_ (self):

super().__init_ ()

self. model=nn.Sequential(
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class Generator(nn.Module):

def __init_ (self):

super().__init_ ()

self model=nn.Sequential(
nn.Linear(size,200),
nn.LeakyRelu(0.02),
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nn.Linear(200,200),
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nn.Sigmoid(),
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class Generator(nn.Module):

def __init__(self):
super().__init__()
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nn Linear(size 200),
nn.LeakyRelu(0.02),
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nn.Linear(200,784),
nnSigmoid(),

class Generator(nn.Module):
def __init__(self):
super().__init_ ()
self. model=nn.Sequential(

nn.Linear(size,200),
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)
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nn.Relu()
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